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The adoption of technology-based public administration has revealed the ability of 
virtual spaces to accelerate public services, making them more effective and accessible. 
However, technology-based public services also have negative effects relating to the lack 
of citizen supervision and the possible misuse of personal data. This study analyzed the 
effects of functionality and data privacy on the perceived usefulness and perceived ease 
of use of technology in Indonesian public administration, using administrators as 
respondents. An empirical analysis was conducted using quantitative methods with the 
help of the WarpPLS (Partial Least Squares) program. The results showed that data 
privacy and functionality have positive effects on perceived ease of use (PEU) and 
perceived benefits (PB). Furthermore, the statistical results showed that PEU and PB 
had positive effects on citizen participation in electronic public administration. The 
results of testing the mediating effects of PB revealed its role in strengthening the 
positive and significant effects of the functionality and data privacy variables on citizen 
participation in use. On a theoretical level, these results contribute to an explanation of 
the application of the technology acceptance model in the online public sector and 
underline the crucial elements that influence technology acceptance.  
 

Contribution/Originality: Theoretically, this study contributes to the explanation of the application of the 

technology acceptance model in the online public sector and underscores the important elements that influence 

technology acceptance among citizens. Practically, this study encourages public sector administrators who provide 

public services in a technology-laden era to ensure that citizens are more aware of and involved in electronic public 

services. 

 

1. INTRODUCTION 

Technology use in the public sector has developed rapidly in recent years. The Covid-19 pandemic has driven a 

massive and intensive increase in technology use in public administration, moving public services from the physical 

to the virtual space. Several studies have confirmed the important role of technology while revealing its effects, both 

positive and negative, on government achievement and delivery of public services (Heflin, Shewmaker, & Nguyen, 

2017; Rashid & Asghar, 2016; Xu, Wang, Peng, & Wu, 2019). Technology-based public administration has revealed 

virtual spaces’ ability to accelerate public service delivery, making public services more effective and accessible (Al-
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Debei, Akroush, & Ashouri, 2016; Debreceny, Gray, Ng, Lee, & Yau, 2005; Ganasegeran, Renganathan, Rashid, & 

Al-Dubai, 2017; Mulyana et al., 2022; Wilson, Hargreaves, & Hauxwell-Baldwin, 2017; Yu, Lee, Ha, & Zo, 2017). 

However, technology-based public services also have negative effects relating to a lack of citizen supervision and 

the possible misuse of personal data (Dimitropoulos, Patel, Scheffler, & Posnack, 2011; Dos Santos, Cappellozza, & 

Albertin, 2018; Ziefle, Halbey, & Kowalewski, 2016). 

The increased use of virtual space in public services has inspired various platforms to create products to serve 

this need, such as in population administration (Totanan, 2022). The rapid development of digital technology has 

made public services faster and more effective. Public sector technology has been structured as a systematic 

framework that aims to design, implement, and evaluate the entire public services process by utilizing the role of 

technology (Al-Emran & Salloum, 2017; Al-Maroof, Alfaisal, & Salloum, 2021). In addition, the use of technology 

helps manage and solve problems relating to public service performance (Berque & Newman, 2015; Dehghani, 

2016). Strict social restrictions during the Covid-19 pandemic forced public sector stakeholders to use digital 

technology to keep services running. This initially required citizens and administrators to integrate themselves 

with and adopt these technologies (Bakar, 2018; Hallström & Schönborn, 2019; Kunter et al., 2013; Lauermann & 

König, 2016).  

Several studies have confirmed that technology adoption is determined by several factors, such as perceptions 

of convenience and possible benefits. In general, this view has led to the development of the Technology Acceptance 

Model (TAM) theory, which highlights the crucial elements that influence technology acceptance in public 

administration (Davis, Bagozzi, & Warshaw, 1989; Davis, 1989; Lai, 2017; Nugroho, Bakar, & Ali, 2017; Pudjiarti, 

Lisdiyono, & Werdiningsih, 2022). In this study, the model used is that of AlHamad et al. (2021). The empirical 

relationship tested regards the role of the independent variables of functionality and data privacy on the perceived 

ease of use and usefulness. This framework ultimately reveals the extent to which these factors predict citizens’ 

interest in engaging with electronic public administration. 

 

2. LITERATURE REVIEW AND HYPOTHESES 

2.1. Functionality, Perceived Benefits, and Perceived Ease of Use 

Functionality refers to the degree to which the service offered by the provider has practical value in accordance 

with the goals desired by the user (Tandon, Kiran, & Sah, 2018). Functionality is closely related to software 

technology and computer hardware. This element of functionality leads to a design that fulfills a supportive 

function in safely and conveniently managing and integrating data. Ford, Pritoni, Sanguinetti, and Karlin (2017) 

identified potential benefits and information related to usage and convenience as the main drivers of technology 

adoption in terms of functionality. Sovacool and Del Rio (2020) identified control systems, practical elements, and 

socio-technical functions as important elements driving technology adoption. Previous studies have emphasized the 

very close relationship between functionality and perceived benefits (Al-Debei et al., 2016; Wilson et al., 2017) and 

perceptions of ease of use (Rao et al., 2011; Tandon et al., 2018). Based on these considerations, the following 

hypotheses are proposed in this study: 

H1. Functionality has a positive and significant effect on perceived benefits. 

H2. Functionality has a positive and significant effect on perceived ease of use. 

 

2.2. Data Privacy, Perceived Benefits, and Perceived Ease of Use 

Data security and confidentiality play a crucial role for users and service providers (Dhagarra, Goswami, & 

Kumar, 2020; Shank, Wright, Lulham, & Thurgood, 2021). Platforms, applications, and products that are perceived 

as safe by users are more likely to be used intensively than products that are considered less secure. According to 

Bertino (1998), every organization needs to assure its users of the usability and quality of data by implementing 

access control, authorization, fault tolerance, and recovery processes. In general, data privacy refers to limiting the 
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disclosure of personal information to unauthorized parties. This, in turn, ensures that data is used appropriately 

between users and service providers and limits the uncontrolled sharing of data. Since data security and privacy are 

closely related to the use of the internet and digital technologies, data privacy positively affects perceived benefits 

(Dimitropoulos et al., 2011; Ziefle et al., 2016) and perceived ease of use (Distler, Lallemand, & Koenig, 2020; 

Schnall, Higgins, Brown, Carballo-Dieguez, & Bakken, 2015). 

H3. Data privacy has a positive and significant effect on perceived benefits. 

H4. Data privacy has a positive and significant effect on perceived ease of use. 

 

2.3. Perceived Ease of Use, Perceived Benefits, and Citizen Participation Behavior 

According to Chen and Aklikokou (2020), perceived usefulness and perceived ease of use affect technology 

adoption, and this is reflected by the citizen participation behavior that ensues. According to Davis et al. (1989), 

perceived usefulness refers to the user's expectations of the technology's ability to increase potential performance. 

Furthermore, according to Mois and Beer (2020), perceived ease of use refers to the perceived amount of effort 

required to use the technology effectively (Davis, 1989). Several previous studies have confirmed the effect of 

perceived ease of use on perceived benefits, where the greater the user's perception of the convenience of the 

product, the greater their perception of the potential benefits they can obtain (Abdullah, Ward, & Ahmed, 2016; 

Moslehpour, Pham, Wong, & Bilgiçli, 2018). This is because users will be more inclined to use technology that is 

easy to use, compared with technology that does not offer the same convenience. Based on these considerations, the 

following hypothesis is proposed in this study: 

H5. There is a positive and significant effect of perceived ease of use on perceived benefits. 

Hsu, Chen, and Ting (2018) found that the two main components of TAM, perceived ease of use and perceived 

benefits, have a positive effect on technology adoption. Likewise, Al-Rahmi et al. (2021) found that factors such as 

compatibility, enjoyment, and relative advantage have a substantial impact on perceived usefulness, which 

ultimately affects citizen participation in public sector technology use. Al-Adwan (2020) found that perceived ease of 

use and perceived usefulness significantly influence citizens' participation behavior in online public sector courses. 

Several other studies have found an effect of perceived ease of use and perceived benefits on citizen participation in 

the use of public sector technology (Berque & Newman, 2015; Dehghani, 2016). 

H6. Perceived ease of use has a positive and significant effect on citizen participation in the use of electronic public 

administration. 

H7. Perceived benefits have a positive and significant effect on citizen participation in the use of electronic public 

administration. 

 

3. METHOD 

This study analyzes the effects of functionality and data privacy on perceived benefits and perceived ease of use 

of electronic technology in Indonesian public administration. In addition, an empirical analysis was carried out to 

analyze the effect of perceived ease of use on the perceived benefits of and citizen participation in electronic public 

administration, as well as the effect of perceived benefits on citizen participation in the use of electronic public 

administration, see Figure 1. To analyze these various effects, empirical tests were conducted using a quantitative 

approach. The model used replicates that of AlHamad et al. (2021). 

In this study, functionality is defined operationally as the degree to which the service offered by the provider 

has a practical value in accordance with the intended purpose of the user, using a 3-item measure adopted from 

Sovacool and Del Rio (2020). The data privacy variable is defined as limiting the disclosure of personal information 

to unauthorized parties and ensuring that data is used appropriately between users and service providers, as well as 

limiting uncontrolled data sharing; the variable’s measure was adopted from Dhagarra et al. (2020). 
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Figure 1. Theoretical framework. 

 

Furthermore, the perceived benefits variable is defined as the user's expectation of the technology's ability to 

increase potential performance, which refers to the theoretical conceptualization of Davis (1989). Perceived ease of 

use in this study refers to the amount of effort required to use the technology effectively (Davis, 1989). Finally, the 

citizen participation variable is defined as the willingness of users to use digital technology to meet their specific 

needs, with the measure used adopted from Kasilingam (2020).  

To enable the empirical analysis to be carried out, this study used administrators as respondents. Sampling was 

performed using a purposive random sampling technique. Questionnaires were distributed to respondents in 

Bandung Regency, West Java, Indonesia. A total of 282 questionnaires were distributed, and 158 questionnaires 

were returned, entailing a response rate of 56 percent. The scale used in the questionnaire was a 5-point Likert 

scale. Data analysis was conducted using WarpPLS. 

 

4. RESULTS 

The results of the outer loadings are shown in Table 1. Outer loadings inform the loading factor, which shows 

the magnitude of the correlation between indicators and latent variables. A loading factor value greater than 0.7 for 

each indicator is said to be valid. The test results show that all variables of functionality (FN), data privacy (DP), 

perceived ease of use (PEU), perceived benefits (PB), and citizen participation in use (IU) had an indicator with a 

loading factor value greater than 0.7. Thus, the indicators used in this study were all valid. 

 

Table 1. Outer loading. 

Items Functionality 
(FN) 

Data 
Privacy 

(DP) 

Perceived 
Ease of Use 

(PEU) 

Perceived 
Benefits 

(PB) 

Citizen 
Participation 
in Use (IU) 

FN1 0.852     

FN2 0.878     
FN3 0.857     

DP1  0.813    
DP2  0.874    

DP3  0.896    
PEU1   0.878   

PEU2   0.828   
PEU3   0.883   

PB1    0.882  
PB2    0.859  

PB3    0.829  
IU1     0.755 

IU2     0.940 

IU3     0.963 
Note: FN= Functionality; DP= Data Privacy; PEU= Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in Use. 
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The results of the discriminant validity analysis are shown in Table 2. Discriminant validity relates to the 

principle that different constructs of measures should not be highly correlated. Discriminant validity occurs when 

two different instruments measure two constructs that are predicted to be uncorrelated, resulting in a score that is 

not correlated. The test results show various values for the relationships between the variables in this study. 

Specifically, medium values were shown between IU and FN (0.618), IU and DP (0.600), IU and PEU (0.482), and 

IU and PB (0.764). Aside from these, the values generated from the discriminant validity test were in the low 

category, below 0.4. 

 

Table 2. Discriminant validity. 

Variable Functionality 
(FN) 

Data 
Privacy 

(DP) 

Perceived 
Ease of Use 

(PEU) 

Perceived 
Benefits 

(PB) 

Citizen Participation 
in Use (IU) 

FN 0.863     

DP 0.330 0.862    
PEU 0.392 0.401 0.863   

PB 0.391 0.365 0.399 0.857  
IU 0.618 0.600 0.482 0.764 0.891 

Note: FN= Functionality; DP= Data Privacy; PEU= Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in Use.  

  

The results of the reliability test, shown in Table 3, reveal Cronbach's alpha values higher than 0.6. Specifically, 

the Cronbach's alpha values were 0.828 (FN), 0.829 (DP), 0.830 (PEU), 0.819 (PB), and 0.871 (IU). The results also 

show that the rho_A and composite reliability values were greater than 0.8 for all variables. The Average Variance 

Extracted (AVE) values of all variables were greater than 0.7. Thus, the variables were declared reliable.  

 

Table 3. Reliability. 

Variable Cronbach's Alpha rho_A Composite 
Reliability 

Average Variance 
Extracted (AVE) 

Functionality 
(FN) 

0.828 0.833 0.897 0.744 

Data Privacy 
(DP) 

0.829 0.860 0.896 0.742 

Perceived Ease 
of Use (PEU) 

0.830 0.841 0.898 0.745 

Perceived 
Benefits (PB) 

0.819 0.826 0.892 0.734 

Citizen 
Participation in 

Use (IU) 

0.871 0.943 0.919 0.794 

 

 

Furthermore, the R-squared test was carried out to analyze the proportion of variation in the dependent 

variable that could be predicted from each independent variable. The test results in Table 4 show the R-squared 

adjusted value for the dependent variables in this study, namely PEU, PB, and IU, which had values of 0.227, 0.240, 

and 0.616, respectively. This shows that the independent variables of functionality and data privacy can predict 22.7 

percent and 24 percent of variations in perceived ease of use (PEU) and perceived benefits (PB), respectively. 

Furthermore, the dependent variable of citizen participation in use (IU) was predicted with a higher variation value, 

namely 0.621, than the independent variables in this study. 

Table 5 presents the prediction relevance or Q-squared results. This test was carried out to analyze the 

prediction capability with the blindfolding procedure. The criteria used were 0.02 for small, 0.15 for medium, and 

0.35 for large. The results in Table 5 show that the value of Q² (=1-SSE/SSO) for PEU was 0.167 (medium), PB = 

0.174 (medium), and IU = 0.460 (large). 



International Journal of Public Policy and Administration Research, 2022, 9(4): 90-101 

 

 
95 

© 2022 Conscientia Beam. All Rights Reserved. 

Table 4. R-squared results. 

Variables R Squared R Squared Adjusted 

PEU 0.237 0.227 

PB 0.255 0.240 
IU 0.621 0.616 

Note: PEU= Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in 
Use. 

 

Table 5. Q-squared results. 

Variables SSO SSE Q² (= 1-SSE/SSO) 

FN 474.000 474.000  

DP 474.000 474.000  
PEU 474.000 394.724 0.167 
PB 474.000 391.521 0.174 

IU 474.000 255.807 0.460 
Note: SSO = Single Sign On; SSE = Sum Squared Error; FN= Functionality; DP= Data Privacy; PEU= 
Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in Use. 

 

The results of the model fit test, shown in Table 6, reveal that the model’s fit was acceptable, both the saturated 

model and the estimated model. This indicates that the model used in this study satisfied all the set indices and 

confirms that the formulated model could be applied in further tests. 

 

Table 6. Model fit. 

Indices Saturated Model Estimated Model 

SRMR 0.085 0.121 
d_ULS 0.870 1.752 
d_G 0.540 0.669 

Chi-Square 426.304 474.384 
NFI 0.735 0.705 
Note: SRMR = Standardized Root Mean Square Residual; d_ULS = Unweighted Least Squares 
Discrepancy; d_G = Geodesic Discrepancy; NFI = Normed Fit Index. 

 

Furthermore, hypothesis testing was carried out, and the results are detailed in Table 7. The statistical results 

showed a positive and significant effect of functionality (FN) on perceived benefits (PB), as indicated by the Original 

Sample (O) value obtained of 0.237, Sample Mean (M) of 0.237, Standard Deviation (STDEV) of 0.080, T Statistics 

(|O/STDEV|) of 2.967, and p-value of 0.003. Thus, the first hypothesis is accepted. These results are in agreement 

with Al-Debei et al. (2016), Debreceny et al. (2005), Ganasegeran et al. (2017), Wilson et al. (2017), and Yu et al. 

(2017), who found that functionality was a determinant of benefits perceived by users. 

 

Table 7. Path coefficient and significance test results. 

Hypotheses Original Sample 
(O) 

Sample Mean 
(M) 

Standard Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) 

P Values 

FN -> PB  0.237 0.237 0.080 2.967 0.003 
FN -> PEU  0.292 0.298 0.075 3.892 0.000 
DP -> PB  0.195 0.197 0.083 2.344 0.019 
DP -> PEU  0.305 0.303 0.079 3.878 0.000 
PEU -> PB  0.228 0.224 0.081 2.805 0.005 

PEU -> IU  0.210 0.209 0.061 3.472 0.001 
PB -> IU  0.680 0.685 0.044 15.444 0.000 
Note: FN= Functionality; DP= Data Privacy; PEU= Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in Use. 

 

Testing the second hypothesis, the effect of FN -> PEU, obtained an Original Sample (O) value of 0.292, 

Sample Mean (M) of 0.298, Standard Deviation (STDEV) of 0.075, T Statistics (|O/STDEV|) of 3.892, and p-value 

of 0.000, indicating a positive and significant effect of functionality (FN) on perceived ease of use (PEU (p < 0.05). 
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Thus, the second hypothesis, stating a positive and significant effect of functionality (FN) on perceived ease of use 

(PEU) is empirically proven and accepted. This result is consistent with previous research that underscored the 

important role of data security and privacy in users’ ease-of-use perceptions (Abdullah et al., 2016; Brown, 2002; 

Rao et al., 2011; Ryan & Rao, 2008; Tandon et al., 2018). 

The results of testing the third hypothesis showed a positive and significant effect of data privacy (DP) on 

perceived benefits (PB), indicated by the Original Sample (O) value of 0.195, Sample Mean (M) of 0.195, Standard 

Deviation (STDEV) of 0.083, T Statistics (|O/STDEV|) of 2.344, and p-value of 0.019 (< 0.05). Thus, the third 

hypothesis is accepted. This result is in agreement with Ziefle et al. (2016), Dimitropoulos et al. (2011), Dos Santos 

et al. (2018), and Brell, Philipsen, and Ziefle (2019), who stated that data security and privacy are closely related to 

the use of the internet and digital technology, which has a positive effect on perceived benefits. 

Furthermore, testing the fourth hypothesis, the effect of data privacy (DP) on perceived ease of use (PEU), 

provided an Original Sample (O) value of 0.305, Sample Mean (M) of 0.303, Standard Deviation (STDEV) of 0.079, 

T Statistics (|O/STDEV|) of 3.878, and p-value of 0.000. Thus, the fourth hypothesis, which stated a positive and 

significant effect of data privacy (DP) on perceived ease of use (PEU), is empirically proven and accepted. This is 

consistent with previous research that highlighted the critical role of data privacy in users’ perceptions of 

convenience (Distler et al., 2020; Schnall et al., 2015). The more users trust in the security of their personal data, 

the more intensively they will use a technology product. 

Next, testing the fifth hypothesis, which stated the positive effect of perceived ease of use (PEU) on perceived 

benefits (PB), provided an Original Sample (O) value of 0.228, Sample Mean (M) of 0.224, Standard Deviation 

(STDEV) of 0.081, T Statistics (|O/STDEV|) of 2.805, and p-value of 0.005. This means that there was a positive 

and significant effect of perceived ease of use (PEU) on perceived benefit (PB), as indicated by the p-value < 0.05. 

Thus, the fifth hypothesis is accepted. This aligns with Moslehpour et al. (2018), Ozturk, Bilgihan, Nusair, and 

Okumus (2016), and Abdullah et al. (2016), who indicated that users are more inclined to use technology that is easy 

to use, compared with technology that does not offer the same convenience. 

The sixth hypothesis postulated a positive and significant effect of perceived ease of use (PEU) on citizen 

participation in use (IU). The results show an Original Sample (O) value of 0.210, Sample Mean (M) of 0.209, 

Standard Deviation (STDEV) of 0.061, T Statistics (|O/STDEV|) of 3.472, and p-value of 0.001. Thus, perceived 

ease of use (PEU) had a positive and significant effect on citizen participation in use (IU), and the sixth hypothesis is 

accepted. This is in accordance with Hsu et al. (2018), who found that perceived ease of use and perceived benefits 

had a positive effect on technology adoption, and with Al-Rahmi et al. (2021), who found that items such as 

compatibility, enjoyment, and relative advantage had a substantial impact on perceived usefulness, which ultimately 

influenced citizen participation in public sector technology use. 

 

Table 8. Indirect effect. 

Indirect relationship Original 
Sample (O) 

Sample 
Mean (M) 

Standard 
Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) 

P Values 

DP -> PEU -> PB -> IU 0.047 0.045 0.019 2.428 0.016 
FN -> PEU -> PB 0.066 0.067 0.032 2.097 0.036 
FN -> PEU -> IU 0.061 0.063 0.027 2.295 0.022 

DP -> PEU -> IU 0.064 0.065 0.028 2.256 0.025 
DP -> PEU -> PB 0.069 0.066 0.029 2.433 0.015 
FN -> PB -> IU 0.161 0.163 0.057 2.814 0.005 
FN -> PEU -> PB -> IU 0.045 0.046 0.022 2.074 0.039 

PEU -> PB -> IU 0.155 0.153 0.057 2.714 0.007 
DP -> PB -> IU 0.133 0.136 0.060 2.200 0.028 
Note: FN= Functionality; DP= Data Privacy; PEU= Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in Use. 
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Table 9. Total effect. 

Relationship Original 
Sample (O) 

Sample 
Mean (M) 

Standard 
Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) 

P Values 

FN -> PEU 0.292 0.298 0.075 3.892 0.000 
FN -> PB 0.303 0.304 0.070 4.306 0.000 
FN -> IU 0.268 0.272 0.057 4.706 0.000 
DP -> PEU 0.305 0.303 0.079 3.878 0.000 
DP -> PB 0.265 0.264 0.084 3.163 0.002 
DP -> IU 0.244 0.246 0.061 4.028 0.000 
PEU -> PB 0.228 0.224 0.081 2.805 0.005 
PEU -> IU 0.365 0.362 0.062 5.871 0.000 
PB -> IU 0.680 0.685 0.044 15.444 0.000 
Note: FN= Functionality; DP= Data Privacy; PEU= Perceived Ease of Use; PB= Perceived Benefits; IU= Citizen Participation in 
Use. 

 

Finally, the results of testing the seventh hypothesis revealed an Original Sample (O) value of 0.680, Sample 

Mean (M) of 0.685, Standard Deviation (STDEV) of 0.044, T Statistics (|O/STDEV|) of 15,444, and p-value of 

0.000. This shows that the hypothesis, which stated a positive and significant effect of perceived benefit (PB) on 

citizen participation in use (IU) is empirically proven, and the seventh hypothesis is accepted. These results are 

consistent with Al-Adwan (2020), Al-Maroof et al. (2021), Al-Emran and Salloum (2017), Berque and Newman 

(2015), and Dehghani (2016), who found that perceived ease of use and perceived usefulness significantly influenced 

citizens’ participation in online public sector courses. 

The indirect effects were then tested to analyze the mediating role of the perceived ease of use (PEU) and 

perceived benefits (PB) variables in bridging the relationship between the functionality and data privacy variables 

and citizen participation in use. The test results for the indirect effect are shown in Table 8 and those for the total 

effect in Table 9. Overall, the results show that perceived ease of use (PEU) and perceived benefits (PB) mediate the 

relationship between the functionality and data privacy variables and citizen participation in use. Figure 2 

illustrates that perceived ease of use (PEU), and perceived benefits (PB) are likely to strengthen the positive and 

significant effects of functionality (FN) and data privacy (DP) on citizen participation in electronic public 

administration. 

 

 
Figure 2. Estimation results. 

 

In general, today's increasingly intensive adoption of technology in the public sector requires administrators to 

improve citizen involvement in digital public services. Moreover, administrators need a high level of digital 

knowledge and skills to deliver public services professionally (Lauermann & König, 2016). Public service 
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administrators can implement and apply digital and online technologies to improve appropriate public services, but 

they must develop reliable and safe electronic services in the public sector to increase citizen engagement with 

digital technology in public services (Bakar, 2018). Citizens must thus be encouraged to increase their willingness 

to participate in technology when obtaining public services (Kunter et al., 2013; Wijiastuti & Nurhayati, 2021). To 

monitor the progress of public services, citizens can appropriately supervise the public sector by using the available 

channels (Hallström & Schönborn, 2019). Another indicator that shows that a person is engaged is being able to 

equip others with knowledge of appropriate public administration techniques by combining time, energy, materials, 

and abilities (Blau, 1964). 

 

5. CONCLUSION 

The results of the study have shown that data privacy and functionality have a positive effect on the perceived 

ease of use (PEU) and perceived benefits (PB) of technology. Furthermore, the statistical results have shown that 

PEU and PB have a positive effect on citizen participation in electronic public administration. The results of testing 

the mediating effects of PB revealed its role in strengthening the positive and significant effects of the functionality 

and data privacy variables on citizen participation in electronic public administration. 

On a theoretical level, these results contribute to an explanation of the application of the technology acceptance 

model in the online public sector and underline the crucial elements that influence technology acceptance among 

citizens. Practically, the results are useful for encouraging public sector administrators, when delivering public 

services in a technology-laden era, to ensure citizens are more aware and involved in electronic public services. A 

limitation of this study is that more respondents would be required to generalize the findings. In addition, the 

variables used in this study need to be further developed in future research. Therefore, it is recommended that 

future research use more respondents and investigate variables that were not tested in this study to analyze the 

factors affecting technology acceptance in the public sector. 
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