
 

 

 
811 

© 2024 Conscientia Beam. All Rights Reserved. 

Examining the impact of digital transformation on HRM practices in Morocco's IT sector   

  

 

 Sharmila Devi 
Ramachandaran1+ 

 Puspanathan  
Doraisingam2 

 Riska Nuraini3 

 Urvesh Chaudhery4 

1,2,3 Faculty of Business and Communications, INTI International University, 
Nilai, Negeri Sembilan Malaysia, Malaysia. 
1Email: sharmila.devi@newinti.edu.my  
2Email: puspanathan.dsingam@newinti.edu.my  
3Email: i17013566@student.newinti.edu.my  
4 Gitarattan International Business Schools, Delhi, India. 
4Email: chaudhery.urvesh@gmail.com  

  

 
(+ Corresponding author) 

 ABSTRACT 
 
Article History 
Received: 12 February 2024 
Revised: 30 August 2024 
Accepted: 16 September 2024 
Published: 26 September 2024 
 

Keywords 
Decent job 
Digital transformation 
E-recruitment 
HR practices 
Learning & Development 
Performance management 
Recruitment 
Resource efficiency 
Training. 

 
The main goal of this study is to explore the dynamic relationship between digital 
transformation and Human Resource Management (HRM) practices in Morocco’s 
growing information technology (IT) sector. This study scrutinizes the impact of 
digital transformation on key HRM dimensions including recruitment, learning, 
development and performance appraisal. Employing robust quantitative methods, 
particularly correlation analysis, this study aims to unravel the intricate connections 
between various facets of digital transformation and HRM practices. Structured 
surveys are the vehicles selected for data collection and dissemination among HR 
professionals and IT employees to provide valuable insights into the strength, direction 
and statistical significance of the relationships between digital transformation and 
HRM practices in the unique context of the Moroccan IT landscape. This research 
enriches academic discourse on the influence of digital transformation on HRM 
practices. It offers a comprehensive understanding of how digital advancements HR 
functions in Morocco’s IT sector. Beyond academia, this research provides useful 
guidance to HR professionals allowing them to improve their plans and optimize digital 
transformation activities within their organizations.   
 

Contribution/Originality:  This study focuses specifically on the Moroccan IT industry, a topic that hasn't 

been thoroughly examined about the effects of digital transformation on HRM practices. This study employs a 

novel approach by integrating rigorous quantitative techniques with a focused survey methodology to reveal subtle 

patterns within this expanding sector. 

 

1. INTRODUCTION 

The business landscape is undergoing a digital transformation shifting from traditional approaches to 

dematerialized structures and reliance on IT solutions (Bradshaw, Atkinson, & Doody, 2017). Many companies 

across sectors are swiftly adopting efficient technologies while some IT solution firms lag in their digital journey 

(Matt, Hess, & Benlian, 2015). Resistance and distrust hinder this change causing managers and teams to grapple 

with the challenge (Lemoine & Rudik, 2017). Morocco’s Information and Communications Technology (ICT) 

industry faces challenges like broadband penetration and a digital talent shortage (World Economic Forum). 

Digital skills are now crucial for national development but many countries neglect skills in technology 

infrastructure programs (Cukier, Wendy, & Grant, 2017). 
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Digitization poses challenges for HR practices emphasizing the need to reshape workplaces for customization, 

stimulus and resourcefulness (Lemoine & Rudik, 2017). The rise of Millennials immersed in digital technologies 

drives the need for HR digitalization focusing on autonomy and work-life balance (Mitrofanova & Konovalova, 

2019). The rapid revolution in digital transformation requires a shift in HR management models emphasizing 

flexibility and acknowledgment of employees' needs. 

Moreover, the human element is undeniably pivotal for achieving success in digital transformation (Herzog & 

Bender, 2017). In a similar context, a McKinsey study revealed that about 45% of routine company tasks can be 

automated, releasing staff time after mundane activities and permitting them to concentrate more on engaging and 

creative jobs. The mere functionality of digitalized processes does not ensure the success of the transition based on a 

technical perspective. It necessitates adaptation from employees, managers and executives to navigate the 

challenges posed by these transformative changes. Furthermore, given the digital transformation's impact on 

companies’ processes and aptitude to embrace more flexible working engagements and diverse working settings 

such as a decrease in face-to-face interaction, the introduction of remote working has significantly altered how we 

work and certain employees might perhaps call for further training to achieve an equal level of efficiency (Barišić, 

Barišić, & Miloloža, 2021). Thus, numerous transformation processes have failed because participants are unwilling 

to cooperate, are afraid to employ a different system, lack the necessary skills to integrate or simply lack the 

guidance of their hierarchies. The human factor remains the weakest tie within the digitization process. In the wake 

of digital transformation's effects on organizational processes and the potential for companies to adopt flexible work 

arrangements, fostering a more adaptable organization has emerged as a critical focus for HRM practices 

(Demartini et al., 2018; Gong & Ribiere, 2021). The results of digital transformation usher in a unique challenge for 

modern HRM practices—cultural transformation (Branca et al., 2020; Marler & Parry, 2016). Learning and 

development play integral roles in HRM practices and are crucial for fulfilling its strategic objectives. Employees 

are compelled to engage in continuous learning to maintain comparable levels of efficiency with the advent of 

remote or hybrid work. This entails enhancing the knowledge and skills of staff with transferrable and specialized 

abilities providing a competitive edge and enhancing adaptability to change (Ancarani & Di Mauro, 2023; Kurek, 

2021). Workforce analysis poses both a crucial component and a challenge for organizational HR strategy. HRM 

gains the capability to assess employee experience, engagement and satisfaction through the integration of digital 

technologies (Fenech, Baguant, & Ivanov, 2019; Selmer & Chiu, 2004). However, remote work introduces 

complexities in conducting performance management reviews, necessitating additional efforts to motivate 

employees. Good performance management principles remain applicable while  the shift to remote work presents 

unique factors and challenges that require consideration (Adare, 2021). The HR technology sector witnesses’ 

substantial investments in startups, cloud HR services and software reflecting the rapid growth of digital HR. 

Organizations are adapting HR management systems with digital training programs and mobile applications 

responding to the demand for user-friendly back-office software. IT solution companies are undergoing digital 

transformation to enhance efficiency and meet market demands. However, barriers to digital transformation persist 

including internal communication issues, financial constraints and unclear strategies. In a nutshell, digital 

transformation has profoundly altered HRM processes making them more efficient and technology-driven. 

Embracing digital HR is imperative for maintaining competitiveness in the rapidly evolving business landscape. 

 

1.1. Problem Statement 

The business landscape is undergoing significant transformations in the digital era. There's a noticeable shift 

from traditional working methods to IT solutions and digital tools leading to a dematerialization of businesses. 

Many IT solutions companies lag in their digital transformation journey despite various companies across sectors 

striving to implement efficient technologies (Bradshaw et al., 2017). According to Matt et al. (2015) the expectation 

would be that enterprises in the IT solutions industry would be heavily digitalized. However, this is often not the 
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case. Some businesses exhibit resistance and skepticism towards such changes. When confronted with this 

challenge, managers may feel overwhelmed by the magnitude of the task and work teams may hesitate to abandon 

old practices or fear change (Lemoine & Rudik, 2017). Although Morocco's impressive development in the MENA 

(Middle East and North Africa) region's telecom and ICT sector, issues like the penetration of broadband 

infrastructure remain.  The World Economic Forum highlights a severe shortage of digital talent as the current 

pool of skilled individuals is increasingly in demand leaving a significant gap between existing skills and emerging 

ones such as analytics and creative thinking. Any national digital plan aiming for social and economic development 

must now prioritize digital skills as a key component. However, many countries focus on supporting technological 

infrastructure growth without addressing the skills needed for its implementation, maintenance and management. 

Morocco shares this approach having heavily invested in physical infrastructure over the past two decades (Cukier 

et al., 2017). 

The disruptions caused by digitization pose numerous challenges for human resources practices which are often 

difficult to address due to the rapid pace of change and shifting strategies and goals. Digital 

transformation emphasizes how crucial it is to redesign workplaces to emphasize individuality, creativity, ingenuity, 

and importantly all merit and reward.  

The significant increase in the number of Millennials who are deeply engaged with digital technologies from a 

young age underscores the necessity for HR practices to embrace digitalization. This generation values autonomy, 

seeking a balance between work and personal life which often requires HR management models that support remote 

work, flexible hours and freelance options (Mitrofanova & Konovalova, 2019). Moreover, the human factor is crucial 

for the success of digital transformation (Herzog & Bender, 2017). Approximately 45% of everyday company tasks 

can be automated, freeing employees to focus on more stimulating and creative tasks. However, a successful 

transition cannot solely rely on digitized processes working effectively, employees, managers and executives must 

adapt to these changes. Workplaces have undergone a major shift since teleworking became popular. Employees 

now work online less frequently and require additional training to reach the same levels of productivity (Barišić et 

al., 2021). Many transformation processes fail due to resistance, fear of change, lack of skills or inadequate guidance 

from hierarchies. HRM practices must prioritize the development of more adaptable organizations given the impact 

of digital transformation on organizational processes (Demartini et al., 2018; Gong & Ribiere, 2021). Cultural 

transformation presents a unique challenge for contemporary HRM practice (Branca et al., 2020; Marler & Parry, 

2016). Learning and development are crucial components of HRM practice particularly with the introduction of 

remote and hybrid work. Enhancing employees' knowledge and expertise through transferrable and specialized 

skills gives them a competitive advantage and enhances their adaptability to change (Ancarani & Di Mauro, 2023; 

Kurek, 2021). Workforce analysis is another crucial component that allows HR to measure employee experience, 

engagement and satisfaction using integrated digital technologies (Fenech et al., 2019; Selmer & Chiu, 2004). 

However, incorporating and conducting performance management reviews including supporting employee 

development and motivation can be challenging with remote work. The basic principles for effective performance 

management are still applicable but there are new considerations and difficulties (Adare, 2021). 

 

2. LITERATURE REVIEW  

2.1. Introduction  

The definitions of "digital transformation" vary based on different viewpoints and perceptions (Zaoui & Souissi, 

2020). It is regarded as a social phenomenon and an upgrade of business models by corporations (Barland, 2013; 

Medina & Prario, 2013; Øiestad & Bugge, 2014; Rothmann & Koch, 2014). This shift is driven by "digital" 

generations like Generation Y and Generation Z for whom digital technologies are integral to their lives. 

Companies must adapt and revise their business strategies to align with this digital era. Digital transformation can 

impact various aspects of a company including culture, organizational structure, workplaces and ethics making it 
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challenging to view it solely as a business model. Nonetheless, according to Emily, Mondher and Imed's study 

"Digital Transformation Challenges", the characterization of digital transformation as either a "disruptive or 

incremental change process" is proposed. Initially, it involves adopting and using digital technologies progressing 

towards a deliberate endeavor to generate value or realize a comprehensive transformation within a company 

(Henriette, Feki, & Boughzala, 2015). 

There is increasing research attention on various aspects of digital transformation. Scholars note a lack of 

understanding of Digital Transformation (DT) as a phenomenon. This includes incomplete tools to assist managers 

in DT journeys, insufficient business cases for justifying the need to embark on DT (Westerman, Calméjane, 

Bonnet, Ferraris, & McAfee, 2011) and limited theoretical discussions of its theories. Some articles, like the one by 

Hess and Salmela (2022) have developed DT frameworks incorporating technology, value creation changes, 

structural aspects and financial considerations forming the four components for driving DT strategy design. 

 

2.2. Digital Transformation and Recruitment 

 The recruitment process has undergone significant improvements due to the integration of digital tools, 

resulting in enhanced efficiency, more accurate candidate assessments, increased candidate diversity and the 

development of broader and more diverse talent pipelines (Braga Tadeu, de Castro Moura Duarte, Taurion, & Jamil, 

2019). The swift evolution of technology has resulted in shifting company requirements, rendering recruitment a 

challenging endeavor. The adoption of digital transformation in recruitment as highlighted by Holm (2012) has 

primarily impacted the sequence of tasks. For example, e-recruitment systems have replaced traditional processes, 

eliminating the need for time-consuming tasks such as receiving, sorting and registering incoming applications. 

According to Mohammed (2019) companies have shifted away from traditional recruitment methods as attracting, 

sorting and connecting with applicants have become fully automated. This rapid development of e-recruitment 

(Boşcai, 2015; Dhamija, 2012) has revolutionized the recruitment industry, offering efficiency benefits to both 

organizations and candidates (Slavić, Bjekić, & Berber, 2017). Initially, technological platforms in recruitment 

consisted of job sites that allowed recruiters to advertise job openings to a wider audience (Nikolaou, 2021). 

Nevertheless, the utilization of social networking websites as recruitment tools has spurred ongoing advancements 

in digital tools enhancing the quality of the hiring process (Dragusha, Josimovski, & Dragusha, 2019). Today, 

various recruitment methods including social media websites, simplify different characteristics of the recruitment 

process such as attracting candidates and conducting background checks (Nikolaou, 2021). Furthermore, social 

networking platforms facilitate easy sharing of job ads and enable targeting specific niches with platforms like 

LinkedIn offering features that make it more accessible to reach professional profiles. 

Hypothesis 1 (H1): Performance management has a significant impact on digitalization in the IT industry.  

  

2.3. Digital Transformation and Learning & Development  

The primary role of Learning & Development (L&D) departments is to support their organization's strategic 

objectives particularly within the framework of digital transformation and the need to enhance corporate education 

and innovation (Seufert & Meier, 2016). L&D units aim to become strategic partners playing a central role in 

guiding the workforce efficiently through digital change. To achieve this, they must identify and cultivate the 

competencies required to navigate the digital economy, expand their scope to include formal and informal learning 

across the organization and embrace digital transformation themselves to effectively support the entire company's 

digital journey. An essential aspect of this challenge is how organizations can adapt to continuous disruptions and 

changes driven by digitization without resisting transformation.  Several studies have proposed that learning and 

development (L&D) experts should take responsibility for fulfilling their roles as advisors or change agents in their 

organizations and implement structural changes that will help employees deal with distractions and promote 

innovation (Kotter, 2012; Kotter & Wasserman, 2016; Robertson, 2007). The influence of technologies and 
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automation as well as the decision-making process necessitates the need for higher skills and competent workforce 

development required for future employment. This has consequently increased the role of learning and 

development. This transformation imposed greater requirements for critical skills and flexibility among employees 

to solve complex business turbulence which also indicates the crucial need for L&D to enhance skills and 

competencies (Gregory, 2020). The nature of learning in an organization is moving from reactive to strategic 

enabler (Tobias, 2005). Consequently, L&D in contemporary organizations emphasizes facilitative learning which 

operates as a strategic partner instead of solely addressing skill and performance issues (Amer, 2020). 

Hypothesis 2 (H2): Learning and development have a significant impact on digitalization in the IT industry.  

  

2.4. Digital Transformation and Performance Management   

Globalization prompted several organizations to adopt the principles of "digital-based work management" to 

enhance employee performance. In their study, Riyadi and Huseini (2019) highlighted the role of digital 

performance management especially in the IT sector. Digital tools assist IT managers in making informed decisions 

and support their employees as they provide real-time data and analytics. In addition, performance management, 

which is driven by digital transformation  urged a profound change in performance management by shifting their 

focus to outcomes-based and individual performance instead of using the time-based assessment.  

According to Demartini et al. (2018) and Horváth and Szabó (2019) digital transformation enhances employee 

analysis and reporting capabilities which enable performance measurement and forecasting of formerly challenging 

to record expertise. In addition, it also improves communication with HR specialists and organizational 

management (Demartini et al., 2018; Marler & Parry, 2016). Performance appraisals are now conducted virtually 

through an organization's internet interface enabling electronic submission of performance data by both managers 

and subordinates. Digitalization enhances operational efficiency in performance management delivering data more 

quickly and meaningfully (Kishori & Divyabharath, 2017). Performance appraisal software is increasingly prevalent, 

offering organizations tools like workforce performance management and talent management software for 

systematic tracking of employee performance and achievements.  Digitalization and technology have improved 

performance management and appraisal. There are still challenges that organizations need to address. The need for 

systems that standardize data, performance and processes ensuring real-time data accessibility at all levels remains 

a key priority for further improvement. 

Hypothesis 3 (H3): Performance management has a significant impact on digitalization in the IT industry. 

Figure 1 illustrates the conceptual framework adopted in this study. 

 
Figure 1. Conceptual framework. 

 

3. METHODS   

3.1. Participants and Procedure    

This study focuses on analyzing the perspectives of individuals in the IT sector in Morocco regarding digital 

transformation and its relationship with HRM practices. The statistical unit of analysis is individual respondents, 
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and questionnaires will be used for data collection. This research has a cross-sectional time horizon and data will be 

collected simultaneously from individuals across different departments and backgrounds recognizing the potential 

variability in responses. The sample design encompasses essential information related to the sampling process, 

including details about the population, sampling stages, selection probabilities, sampling units and sample sizes. 

Sampling is described as the method used to select a subset from a large population to assess or predict information 

or outcomes about the larger group (Kumar, 2018). In this study, the population of interest consists of individuals 

employed in the IT sector in Morocco. This study will primarily utilize the non-probability and convenience 

sampling method due to its practicality and ease of data collection within a short timeframe. 

  According to Osuala (2001) sampling involves selecting a portion of a population to represent the entire 

population. The following five crucial study design parameters influence the determination of sample size: minimum 

expected difference (effect size), estimated measurement variability, desired statistical power, significance criteria 

and the decision between one- or two-tailed statistical analysis (Smith, 2013). Cohen (2007) emphasizes the 

importance of selecting a sample size that provides sufficient statistical power. Hence, the test's power emerges as a 

crucial factor in the process of determining the sample size for a study. The power of a statistical test is the 

likelihood of rejecting a null hypothesis or identifying a particular effect size within a specified sample size at a 

given alpha level (Cohen, 2007). Meyer (1979) and Fox, Hunn and Mathers (2009) suggested using a population 

range and its corresponding sample size as follows to determine the appropriate sample size for a population: 

For a population range from infinity to 500,000, an approximate sample size of 384 is recommended. 

For a population range from 500,000 to 100,000, a sample size of 383 is suggested. 

For a population range from 100,000 to 50,000, a sample size of 381 is advised. 

For a population range from 50,000 to 10,000, a sample size of 370 is recommended. 

For a population range from 10,000 to 5,000, a sample size of 357 is suggested. 

For a population range from 5,000 to 3,000, a sample size of 341 is advised. 

For a population range from 3,000 to 2,000, a sample size of 318 is recommended. 

For a population of 2,000, the appropriate sample size would also be 318. 

Nevertheless, when dealing with a population of 2000, the size of the sample would be 318. 

 

Table 1. Questionnaire design. 

Sections Variables Items Sources Adoption 
or adaption 

 
 
A 
 

 
 
Demographic 
profile 

 
 
3 

According to Saunders, Lewis, and Thornhill (2009) the aim of 
including the demographic profile as part of the questionnaire is 
to identify the participants’ different characteristics and 
examine respondents to show if they are representative of the 
population we are studying. For this study, there is a focus on 3 
main elements” gender, age and work experience for 
demographic profile data collection. 

 
 
Adaption 

B 
(Dependent 
variable) 

 
Digital 
transformation 

 
5 

Barišić et al. (2021) and Mergel, Edelmann, and Haug (2019). 
Towards a theory of digital transformation.  

 
Adaption 

 
C 
(Independent 
variable) 
 

 
Recruitment  

 
4 

Gilch and Sieweke (2021) Recruiting digital talent: The 
strategic role of recruitment in an organization’s digital 
transformation. German Journal of Human Resource 
Management, 35(1), 53-82. 
https://doi.org/10.1177/2397002220952734. 

 
Adaption 

Learning & 
development  

 
4 

 Camarda (2016): The digital transformation of learning. 
10.13140/RG.2.1.3323.3689. 

 
Adaption 

Performance 
management 

 
4 

Nasiri (2021): Performance management in digital 
transformation: A sustainability performance approach. 

 
Adaption 

 

 

 

https://doi.org/10.1177/2397002220952734
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3.2. Questionnaire Design  

Table 1 presents an overview of the variables, items and sources used in the questionnaire for this study. The 

questionnaire is divided into three main sections: demographic profile, dependent and independent variables. 

Section A focuses on the demographic profile which includes three items: gender, age and work experience. 

According to Saunders et al. (2009) the aim of including the demographic profile is to identify the participants’ 

characteristics and ensure the respondents represent the population being studied. This demographic information 

provides a foundational understanding of the sample. Section B addresses the dependent variable, digital 

transformation, comprising five items adapted from Barišić et al. (2021) and Mergel et al. (2019). These items 

explore the challenges and theoretical underpinnings of digital transformation within the context of Human 

Resource Management (HRM). Section C examines three independent variables: recruitment, learning and 

development and performance management. The recruitment variable includes four items sourced from Gilch and 

Sieweke (2021) which discuss the strategic role of recruitment in organizations’ digital transformation. Learning 

and development also comprising four items are adapted from Camarda (2016) and focus on the digital 

transformation of learning processes. Performance management with four items from Nasiri (2021) investigates 

sustainable performance approaches in the digital era. 

Designing a questionnaire is a crucial phase in any research endeavor involving a series of inquiries intended 

for respondents with precise instructions on the sequencing and content of questions. Questionnaires are widely 

used across diverse research domains including survey research and experimental design (Sreejesh, Mohapatra, & 

Anusree, 2014).  

This study employs a self-administered questionnaire in Google format given the time constraints. The survey 

is distributed through email and social media to all respondents, leveraging the practical advantages of softcopy 

distribution for efficient data collection from participants in various locations within a short timeframe. The 

questionnaire is meticulously structured into different sections, namely A: Demographic profile, B: Dependent 

variable and C: Independent variable. Sections B and C consist of structured questions incorporating both open-

ended and closed-ended questions sequentially.  

These sections use a five-point Likert scale for evaluation ranging from strongly disagree (1) to strongly agree 

(5). Section B includes five questions related to the dependent variable, digital transformation while section C 

explores the relationship between the three independent variables and digital transformation with four questions for 

each independent variable. This structured approach ensures comprehensive data collection and facilitates robust 

analysis of the intricate relationships between digital transformation and HRM practices in Morocco's IT sector. 

 

3.3. Measurement   

 In this study, various measurement instruments were employed to conduct tests with the Statistical Package 

for the Social Sciences (SPSS) used to analyze the relationships between variables and interpret the results from the 

collected data. Post-data collection, the software conducts several pivotal analyses, including descriptive analysis, 

tests for reliability and validity, factor analysis, Analysis of Variance (ANOVA), multiple regression and 

computation of beta coefficients.  

The primary aim of this research is to investigate the influence of digital transformation on HRM practices in 

the IT sector in Morocco. In this context, measurements refer to tools or methodologies for analyzing data 

obtained from respondents (Sickles & Zelenyuk, 2019). The main purpose of this study is to develop a correlation 

between independent variables such as recruitment, learning and development   and performance management and 

the dependent variable which is related to human resource management practices. SPSS 22.0 was used to measure 

the collected raw data.  Descriptive analysis was implemented using SPSS software while factor analysis and 

reliability testing were used to analyze raw data to summarize the data (Arslan, Agatz, & Klapp, 2021). 
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4. DATA ANALYSIS  

The summary of distribution and response statistics for a questionnaire has been provided in Table 2. 319 

questionnaires have been delivered to employees through Google Forms. All the questionnaires were considered 

usable with a total of 80% response rate.   

  

Table 2. Summary of questionnaire distribution. 

Total 
questionnaires 

Total responses 
received 

Total response 
rate % 

Unusable 
responses 

Usable response 

400 319 80% 0 319 

 

Table 3. Demographic profile of respondents. 

Demographic Categories Frequency 
n=359 

Percentage 
(%) 

Gender Male 186 58% 
Female 132 42% 

Age 18-25 30 9% 
26-35 222 70% 
36-45 42 13% 
46 and above 24 8% 

Working experience  <2 years 24 8% 
11 years and above 84 26% 
3-5 years 90 28% 
6-10 years 120 38% 

 
Job designation 

First line management  96 30% 
Middle management 114 36% 
Operation level employees 60 19% 
Top management 48 15% 

 

4.1. Descriptive Statistics 

Table 3 presents demographic data for survey respondents. It includes information on gender, age, working 

experience and job designation. Of the 319 respondents, 58% were male and 42% were female. Regarding age, the 

majority fell into the 26-35 age groups (70%) while smaller proportions were in the 18-25 (9%), 36-45 (13%) and 46 

and above (8%) categories. Regarding working experience, the largest group had 6-10 years of experience (38%) 

followed by 3-5 years (28%), 11 years and above (26%) and <2 years (8%). In terms of job designation, the highest 

representation was in middle management (36%) followed by first line management (30%), operation level 

employees (19%) and top management (15%). 

 

4.2. Reliability and Validity Test 

Reliability tests are used to assess internal consistency with the stability of measurement of the questionnaire 

as well as to identify potential sources of error. A prevalent approach for assessing the reliability of a questionnaire 

is through Cronbach's alpha which gauges the internal consistency of the questionnaire. This metric can be 

computed using statistical software like SPSS. According to Bougie and Sekaran (2019) a Cronbach alpha value 

between 0.6 and 0.7 indicates that the questionnaire is reliable. However, Hair, Black, Babin, and Anderson (2019) 

suggest that a more suitable range for Cronbach alpha is between 0.7 and 0.9 with higher values indicating more 

reliable results.  

However,  Hair et al. (2019) suggest that a more suitable range for Cronbach alpha is between 0.7 and 0.9 with 

higher values indicating more reliable results. If the Cronbach alpha value is less than 0.7, the questionnaire may 

not be reliable and should be excluded from further analysis. 
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Table 4. Reliability analysis results. 

Constructs Cronbach’s alpha Number of items 

Digital transformation 0.775 5 
Recruitment   0.790 4 
Learning and development 0.722 4 
Performance management  0.789 4 

 

Based on Table 4, Cronbach’s alpha values for all variables with items retained from the factor analysis exceed 

the threshold of 0.6. The Cronbach’s alpha value for digital transformation was 0.775 indicating relatively good 

internal consistency and demonstrating that the five items in the construct are moderately reliable in measuring the 

concept of digital transformation. For recruitment, Cronbach’s alpha was 0.722 suggesting moderate consistency 

and reasonable reliability in measuring the four recruitment items. Similarly, Cronbach’s alpha value for learning 

and development was 0.722 indicating a moderate level of internal consistency across the four items and reliability 

in measuring the concept. Additionally, Cronbach’s alpha for performance management is 0.789 indicating a good 

level of consistency with its four items being reasonably reliable in measuring the concept. 

 

4.3. Factor Analysis  

Factor analysis is a statistical technique used to detect core relationships among a set of variables (Hair et al., 

2019). It identifies common factors or underlying constructs associated with a group of variables and determines 

the degree to which each variable is related to these common factors (Hair et al., 2019). Factor analysis is often 

employed to identify the primary dimensions or factors associated with constructs like intelligence, personality and 

attitudes.  Researchers can better understand the complex relationships among variables and gain insights into the 

structure of the construct by uncovering these underlying factors.  

The KMO test measures the degree of sampling adequacy while Bartlett’s test assesses the significance of the 

correlations between the variables in the dataset.  These tests help determine whether a dataset is suitable for factor 

analysis and identify any potential problems or limitations with the data (Zulkepli, Sipan, & Jibril, 2017). The KMO 

(Kaiser-Meyer-Olkin) value evaluates dataset efficiency for factor analysis by measuring the degree of sampling 

adequacy which indicates how well the variables in the dataset are correlated. A KMO value of 0 indicates no 

correlation between variables while a KMO value of 1 indicates perfect correlation. Generally, a KMO value of 0.6 

or higher is considered adequate for factor analysis while a value below 0.6 may suggest that the dataset is 

unsuitable for this technique (Tabachnick, Fidell, & Ullman, 2013). The Bartlett test of sphericity produces a p-

value indicating the likelihood that correlations between variables are due to chance. A p-value of less than 0.05 is 

typically considered statistically significant suggesting that the correlations are not due to chance and that factor 

analysis is appropriate. Conversely, a p-value greater than 0.05 indicates that correlations are likely due to chance, 

making factor analysis inappropriate for the dataset (Tabachnick et al., 2013). Table 5 shows that  a KMO score of 

0.744 indicates that the data are moderately suitable for factor analysis. Table 6 shows a KMO score of 0.825 

indicating that the data are well-suited for factor analysis. Significant p-values (p < 0.05) further suggest that the 

variables are correlated. Bartlett’s test of sphericity tests the null hypothesis that the intercorrelations among 

variables are equal to zero meaning that the variables are uncorrelated. 

A significant p-value (below 0.05) in Bartlett’s test suggests that the null hypothesis can be rejected indicating 

that the variables are indeed correlated. 

 

Table 5. KMO and Bartlett's test (Dependent variables). 

KMO and Bartlett's test 

Kaiser-Meyer-Olkin measure of sampling adequacy 0.744 

Bartlett's test of sphericity 
Approx. chi-square 503.265 
Df 10 
Sig. 0.000 
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Table 6. KMO and Bartlett's test (Independent variable). 

KMO and Bartlett's test 

Kaiser-Meyer-Olkin measure of sampling adequacy 0.825 

Bartlett's test of sphericity 
Approx. chi-square 2097.865 
Df 66 
Sig. 0.000 

 

4.4. Factor Loading 

Factor loading values are a statistic used in factor analysis to indicate the relationship between a particular 

variable and one of the underlying factors that explain the relationships between the variables in a dataset. 

According to some researchers, a factor loading value of 0.5 or higher is adequate for factor analysis while a factor 

loading value below 0.5 may indicate that the variable is not strongly related to the underlying factor and should be 

eliminated from the analysis (Bougie & Sekaran, 2019). 

However, it is important to note that the appropriate threshold for factor loading values can vary depending on 

the specific goals and objectives of the study as well as the sample size and other factors. For example, some 

researchers have suggested that it is acceptable to have factor loading values between 0.5 and 0.6 for small-scale 

pilot tests with a small sample size. Ultimately, the decision about whether to eliminate a variable with a low factor 

loading value should be based on a careful analysis of the specific goals and objectives of the study as well as the 

results of the factor analysis (Cooper & Schindler, 2018). 

Tables 7 and 8 present the results of factor loading obtained through Principal Component Analysis (PCA). 

Factor loadings indicate the magnitude and direction of the association between each variable and the underlying 

factors extracted from the dataset. The values range from -1 to 1 where higher absolute values indicate a stronger 

association with the factor. The initial loading column shows the factor loadings before extraction, and in this case, 

all variables have an initial loading of 1.000. This is expected in PCA where each variable is initially assumed to 

load perfectly onto a single factor. After the extraction process, the factor loadings are recalculated. The values in 

this column signify the strength and direction of the relationship between each variable and the underlying factor 

extracted. For instance, "Digital Transformation 2" exhibits a high loading of .742 indicating a robust association 

with the underlying factor. Conversely, "Digital Transformation 1" demonstrates a lower loading of .401 

suggesting a relatively weaker association.  

Communalities serve as measures of the proportion of variance in a set of variables that is collectively shared by 

all variables. The "Initial Communality" column indicates the total variance in each variable that is explained by all 

the variables in the set while the "Extraction" column represents the portion of the variance in each variable that is 

explained by the extracted factor(s). According to Table 7, the communalities suggest a high degree of shared 

variance among the variables as the initial communality values are all close to 1.0. This suggests a strong 

interrelationship among the variables indicating that they measure similar concepts. Furthermore, the extraction 

column indicates that a substantial portion of the variance in each variable is explained by the extracted factor(s). 

The extraction communalities range from .529 to .742 signifying some shared variance among the variables. Higher 

extraction communalities imply a more robust representation of the underlying construct. 

 

Table 7. Factor loading result (Dependent variable). 

Communalities 

Items  Initial  Extraction 

Digital transformation 1 1.000 0.401 
Digital transformation 2 1.000 0.742 
Digital transformation 3 1.000 0.594 
Digital transformation 4 1.000 0.635 
Digital transformation 5 1.000 0.529 
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Communalities are measures of the amount of variance in a set of variables that is shared by all variables. The 

“Initial Communality” column represents the total variance in every variable that is accounted for by all the 

variables in the set while the extraction column represents the volume of variance in each variable that is accounted 

for by the factor (or factors) that have been extracted. 

In Table 7, the communalities suggest that there is a high degree of shared variance among the variables as the 

initial communalities are all close to 1.0. This indicates that the variables are highly related to one another and 

measure similar concepts. The extraction column also suggests that a significant portion of the variance in each 

variable is accounted for by the extracted factor(s). The extraction communalities range from .5.29 to .742 

indicating that the variables share some common variance. The higher the extraction communalities, the stronger 

the representation of the underlying constructs. 

 According to Table 8, the initial communalities for each variable are 1.000 indicating that each variable 

represents a unique construct and is not related to any other variable in the set.  

The extraction communalities range from 0.655 to 0.846 indicating that the variables share similar variance. 

This also shows that the representation of the underlying construct becomes stronger with higher communality 

extraction. The range of extraction communalities from 0.655 to 0.846 is considered good. In factor analysis, 

extraction communalities of 0.5 or higher are deemed acceptable meaning that the variables account for at least 50% 

of the variance of the underlying construct they represent. 

 

Table 8. Factor loading result (Independent variable). 

Items  Initial Extraction 

Recruitment1 1.000 0.798 
Recruitment 2 1.000 0.743 
Recruitment 3 1.000 0.830 
Recruitment 4 1.000 0.846 
Learning and development1 1.000 0.834 
 Learning and development2 1.000 0.835 
Learning and development 3 1.000 0.655 
Learning and development 1 1.000 0.719 
Performance management1 1.000 0.655 
Performance management2 1.000 0.695 
Performance management3 1.000 0.791 
Performance management4 1.000 0.715 

 

4.5. Multiple Regression  

Multiple linear regression analyzes the relationship between a dependent variable and one or more independent 

variables. The objective is to determine whether a significant relationship exists between the dependent variable 

and independent variables and to identify the strength and direction of this relationship (Sekaran & Bougie, 2016). 

In this study, the dependent variable is digital transformation and the independent variables are recruitment, 

learning and development and performance management.  

 

Table 9. Model summary (Multiple regression). 

Model summary 

Model R R2 Adjusted 
R2 

Std. error of the 
estimate 

1 0.660a 0.436 0.430 0.7104 
Note: a. independent variables: Recruitment, learning& development, performance management. 

 

In Table 9 of the multiple regression analysis, the model exhibits an R-value of .660 indicating a strong 

positive relationship between the independent variables (recruitment, learning and development and performance 

management) and the dependent variable (digital transformation). The 436 R-squared values signify that 43.6% of 
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the variance in digital transformation is explained by these independent variables. The adjusted R-squared value of 

.430 adjusts for the number of independent variables and penalizes the model for potential overfitting providing a 

more accurate measure of performance. The standard error of the estimate is 0.7103 representing the average 

difference between the actual and predicted values of the dependent variable. A lower standard error indicates a 

better fit of the model to the data. Here, the standard error of 0.7103 suggests that on average, the model's 

predictions deviate by approximately 0.71 units from the observed values of the dependent variable which is less 

than 1. 

 

4.6. ANOVA Regression 

Analysis of Variance (ANOVA) is indeed a powerful statistical method used to compare means across different 

groups and it seems like an appropriate choice for study. Comparing the means of the dependent variable, "Digital 

Transformation “across various levels of the independent variables (recruitment, learning and development, and 

performance management) can provide valuable insights into potential significant differences. ANOVA is 

particularly useful when dealing with multiple groups allowing researchers to assess whether variations in the 

independent variables lead to statistically significant differences in the means of the dependent variable.  

Moreover, multiple linear regression indicates a comprehensive approach to understanding the relationships 

between variables. ANOVA assesses group differences and multiple linear regression explores the relationships and 

predictive capabilities between variables. This dual approach can offer a more nuanced understanding of how 

recruitment, learning and development and performance management impact digital transformation. 

Table 10 presents the results of a multiple regression analysis with "digital transformation   " as the dependent 

variable and "recruitment “, “L&D", and "performance management " as the predictors. 

The "Sum of Squares" column displays the total variation in the dependent variable (280.755) how much of this 

variation can be explained by the predictor variables (122.313) and how much remains unexplained by the residuals 

(158.442). The "df" column demonstrates the points of freedom for every source of variation. In the case of this 

study, regression has 3 degrees of freedom because it includes 3 predictor variables. The residuals have 314 degrees 

of freedom because the sample size is 317 and 3 degrees of freedom have been used to estimate the regression 

coefficients. 

“The "Mean Square" column is the sum of squares divided by the degrees of freedom. Here, the mean square for 

the regression (40.771) is much larger than the mean square for the residuals (0.505) which indicates that the 

regression model provides a good fit to the data.  

The "F" column reports the F-ratio which is the ratio of the mean square of the regression to the mean square 

of the residuals. The F-ratio is 80.800 which is large and significant (p < .05). This suggests that the predictor 

variables collectively explain a significant portion of the variation in the dependent variable. 

The "Sig." column reports the significance of the F-ratio which indicates whether the predictor variables are 

together substantial in clearing up the variation in the dependent variable. The p-value is .000 which is less than .05 

so the predictor variables are collectively significant in explaining the variation in the dependent variable. 

Applying ANOVA and multiple linear regression allows for a comprehensive exploration of the factors 

influencing digital transformation facilitating informed decision-making based on the study's findings. 

 

Table 10.  ANOVA. 

Model Sum of squares df Mean square F Sig. 

Regression (a) 122.313 3 40.771 80.800 0.000b 
Residual 158.442 314 0.505   
Total 280.755 317    

      

        

Note: a. Predictor (constant), recruitment, L&D, performance management. 
b. Dependent variable: Digital transformation. 



Humanities and Social Sciences Letters, 2024, 12(4): 811-830 
 

 
823 

© 2024 Conscientia Beam. All Rights Reserved. 

Table 11. Multiple regression coefficients. 

Models Unstandardized 
coefficients 

Standardized 
coefficients 

T Sig. 

B Std. error Beta 

1 (Constant) 1.354 0.247  5.471 <0.000 
Recruitment 0.264 0.064 0.238 4.100 <0.000 
Learning and development 0.423 0.073 0.420 5.817 0.000 
Performance management -0.22 0.058 0.018 -0.385 0.700 

 

 

4.7. Beta Coefficient 

Table 11 summarizes coefficients for a regression analysis with "Digital Transformation" as the dependent 

variable. The coefficients indicate the relationship between the independent variables (recruitment, learning and 

development and performance management) and the dependent variable. 

The unstandardized coefficients (B) are the alteration in the dependent variable per item change within the 

independent variable. The standardized coefficients (beta) represent the strength and direction of the relationship 

between the dependent variables while controlling for other independent variables. 

The t-value and Sig. column designate a t-test to determine whether the coefficient is statistically significant. A 

t-value of 5.471 for the constant (intercept) is significant (Sig. = .000) meaning that there is a significant 

relationship between the independent variables and the dependent variables.  A t-value of 4.100 for recruitment 

(Sig. = .000) and 5.817 for learning and development (Sig. = .000) is also significant indicating that these two 

independent variables have a significant relationship with the dependent variable. On the other hand, a t-value of -

.385 for performance management (Sig. = .700) is not significant meaning that the relationship between 

performance management and the dependent variable is not statistically significant.  

  

Table 12. Summary of hypothesis analysis. 

Hypothesis Accepted or rejected 

H1: In the Morrocco IT services industry, the relationship between digital 
transformation and recruitment is significant. 

Accepted (p=<0.00, <0.05) 
 

H2:  In the Morrocco IT services industry, the relationship between digital 
transformation and learning and development is significant. 

Accepted (p=00, <0.05) 
 

H3: In the Morrocco IT services industry, the relationship between digital 
transformation and performance management is significant. 

Rejected (0.700, <0.05) 
 

 

4.8. Summary of the Hypotheses 

4.8.1. Hypothesis Testing 

Hypotheses testing for the study are summarized in Table 12. 

H1: In the Morrocco IT services industry, the relationship between digital transformation and recruitment is significant.  

Based on the research findings, the constant has a coefficient (B) of 1.354, a t-value of 5.471 and significance 

(Sig.) of .000. This means that the constant is statistically significant implying that the regression line is not 

horizontal line but has a slope. The predictor variable "recruitment “with a coefficient (B) of .264 a standardized 

coefficient (Beta) of .283, a t-value of 4.100, and a significance (Sig.) of .000. This means that the predictor variable 

"recruitment" is also statistically significant and has a positive relationship with the response variable. This 

explains that a successful digital transformation implies a success of the recruitment processes as well. In other 

words, there is a significant impact of the digital transformation on recruitment in the IT industry in Morocco.  

H2: In the Malaysian IT services industry, the relationship between career development and talent retention is significant.  

H2: In the Morrocco IT services industry, the relationship between digital transformation and learning and development is 

significant. 

Note:  Dependent variable: Digital transformation. 
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According to the regression analysis, there is a significant relationship between digital transformation and 

learning and development. The dependent variable is being predicted based on the independent variable "learning 

and development ". The unstandardized coefficient for "learning and development " is .423 and its standardized 

coefficient is .420. The t-value for this variable is 5.817 and the significance level (Sig.) is .000 indicating that this 

predictor is statistically significant in predicting the dependent variable. The constant value in the model is 1.354. 

Hence, these results suggest that there is a statistically significant positive about the impact of digital 

transformation on L&D. 

H3:  In the Morrocco IT services industry, the relationship between digital transformation and performance management is 

significant. 

The results of the regression analysis show that the dependent variable is "digital transformation” and the 

independent variable is "performance management ". The unstandardized coefficients (B) and standardized 

coefficients (Beta) represent the size and direction of the relationship between the independent and dependent 

variables. The t-value is the ratio of the estimated coefficient to its standard error, and the significance (Sig.) level is 

used to conclude if the coefficient is considerably different from zero. The coefficient for performance management 

is -.022 which means that as performance management decreases, the digital transformation score is expected to 

decrease as well but the relationship is not significant as shown by the t-value of -.385 and a p-value of .700 which is 

greater than .05. This means that the evidence against the null hypothesis is not strong enough to reject it and we 

cannot conclude that there is a significant relationship between performance management and digital 

transformation in this context of the IT industry in Morocco. 

 

5. DISCUSSION AND IMPLICATIONS 

In this digital evolution with Industry 4.0 adoption, it is of utmost importance for corporations to succeed, 

maintain and gain the upper hand over their competitors by retaining and recruiting talent (Bakar & Omilion-

Hodges, 2018). Baharin et al. (2019) stated that organizations must adapt and gradually modify their HR policies 

and practices to encourage employees to remain which may attract prospective talent to join an organization. A 

high turnover rate can have many negative consequences for a business. To replace departing employees, companies 

must first allocate extra money for recruiting, selecting and training recruits (Hee & Ann, 2019). The study 

identified the following three independent variables: reward programs, recruitment, learning and development and 

performance management. A multiple regression model and SPSS software were used to analyze the relationship 

between the dependent and independent variables and the following hypotheses were supported:  

 The test results support hypothesis 1 which confirms a significant relationship between digital transformation 

and recruitment. The beta coefficient is 1.354 with a p-value less than 0.001%. This explicitly shows that 

recruitment implies a positive influence on the IT sector aligning with Gilch and Sieweke (2021) who emphasize the 

crucial role of digital platforms such as dynamic recruitment web, global social media as well as specialized talent 

search platforms. Having those platforms enable organizations to control integrated data analytics, enabling 

companies to gain deeper understandings of labor market trends and design more appropriate recruitment 

strategies. 

Based on the findings, hypothesis 2 is accepted due to the significant relationship between digital 

transformation and learning and development. The beta coefficient is .423 with a p-value less than 0.001%. This 

explicitly shows that recruitment implies a positive influence on digital transformation. Previous studies have 

highlighted a significant shift in the landscape of corporate learning particularly in the realm of learning 

management systems (LMS) (Cohn & Papadimitriou, 2020). Traditional LMSs are now being complemented and 

replaced by a diverse array of new learning tools. These tools such as Pathgather, Degreed, SAP Jam, Oracle’s 

Video Learning, Skillsoft’s new learning platform and Workday Learning offer a plethora of features including 

curated content, video and mobile learning solutions, micro-learning and integration with external Massive Open 
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Online Courses (MOOCs) and video learning resources available on the Internet. As a result, the adoption of these 

new employee learning systems has emerged as the fastest-growing segment in HR technology spending (Harris & 

Spencer, 2016).  

Moreover, vendors like NovoEd, EdX, Intrepid, Everwise and others have stepped in to provide modern cloud-

based platforms with a wide range of features catering to diverse learning needs. These platforms offer pathways, 

chapters, social collaboration features, assessment tools, scoring mechanisms and instructor interaction capabilities. 

Such platforms are proving effective in various learning contexts, including sales training, executive development, 

and onboarding (Konovalova, 2017).  Additionally, content companies such as SkillSoft, PluralSight, Lynda.com, 

and CrossKnowledge have integrated delivery systems with their content offerings (Zhang & Chen, 2023). These 

systems not only deliver content but also incorporate learning experiences and micro-learning platforms within 

their solutions. Another noteworthy vendor, Axonify specializes in safety training and compliance training, offering 

LMS-like functionality with a modern approach (Larkin, 2017). This evolution in corporate learning reflects a 

strategic shift with a focus on innovation and leadership development providing world-class training experiences, 

long-term career development and fostering teamwork and integration among multifunctional teams. Corporate 

training departments are transitioning from mere providers and organizers of training to content curators and 

facilitators of learning experiences. This shift emphasizes self-regulated learning activities and promotes a culture 

of continuous learning where employees are encouraged to develop their skills independently (Pillala, 2021). 

Furthermore, there is a growing recognition of employees as internal clients with a vested interest in quality 

independent learning to support their career advancement. The availability of mobile devices has made training 

accessible to everyone at any time prompting companies to create their own training platforms or leverage existing 

solutions to seamlessly integrate internal and external content. Overall, the focus is shifting towards platforms that 

empower individuals to take charge of their own development reflecting a broader cultural shift towards continuous 

learning and skill enhancement in the workplace (Haihua, Qin, & Du Mei, 2023). 

On the third factor of digital transformation, hypothesis 3 is not accepted indicating that there is no substantial 

association between performance management and digital transformation in IT services.  The performance 

management beta coefficient result is -.022 with a p-value of 0.022 which is not significant at the 0.05 level. The 

study found that recruitment and learning and development have a significant relationship with digital 

transformation in the IT sector industry in Morocco while performance management does not have a significant 

relationship. In their study, Guo and Xu (2021) stated that operating performance is more affected by digital 

transformation than financial performance. Implementing digital transformation to operate performance requires 

more promising conditions such as policy and innovation environment. 

The statistical software SPSS was used for data analysis and hypothesis testing. The results indicate that H1 

and H2 are accepted and H3 is not accepted. These findings suggest that for the IT sector in Morocco, successful 

digital transformation is linked to effective recruitment practices and investment in learning and development 

initiatives. However, digital transformation does not seem to play a significant role in driving performance 

management in this industry. 

  

6. CONCLUSION AND RECOMMENDATION 

The findings of the study demonstrated that recruitment and learning and development have positive impacts 

on digital transformation. Meanwhile, the relationship between performance management and digital 

transformation in the study was not significant. 

As depicted in the study, recruitment has a profound impact on digital transformation in the IT industry in 

Morocco. Further study could be explored to understand specific factors that improve the relationship between 

these variables. Researchers probably could explore aspects such as the effectiveness of different digital recruitment 

methods, employer branding in recruitment and the impact of emerging technologies on recruitment. Comparative 
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studies across various industries or regions could provide insights into the generalizability of findings and identify 

best practice for digital recruitment. For example, the importance of generating a large pool of candidates in an 

organization created attention to conduct more studies on the impacts of recruitment in digital transformation. 

Researchers particularly examined factors that influence the outcome variables during the process of generating a 

pool of candidates, maintaining applicant status and influencing a candidate’s job choice decision (Barber, 1998; 

Dineen & Soltis, 2011). Digital transformation has a significant impact on learning and development. Research on 

creative approaches to learning and skill development in the digital age needs to be developed. Studies could 

discover more about the effectiveness of various digital learning platforms and their role in fostering adaptability 

and innovation towards continuous learning. Performance management and digital transformation show no 

significance in the study. In this case, the organization needs to identify and evaluate its current performance 

management relating to digital transformation. Innovative strategies in performance management could be 

explored in which digital technologies could be integrated into performance management instead of relying on 

traditional performance practices. Although the study did not find a significant relationship between digital 

transformation and performance management in the IT sector in Morocco, it is essential for companies to 

reevaluate their performance management practices in the context of digital transformation. Traditional 

performance management approaches may not align well with the rapidly evolving digital landscape while 

companies can explore innovative approaches to performance management that leverage digital technologies and 

emphasize continuous feedback, goal setting and skill development. Companies can better support employee growth 

and contribute to overall organizational success by adopting more agile and data-driven performance management 

practices. Studies indeed revealed that digital transformation is characterized by  a shift towards big data, artificial 

intelligence, analytics cloud, mobile and social media platforms (Nwankpa & Roumani, 2016). This has resulted in 

proposals and strategies that will coexist with traditional performance management which then led towards 

introducing a significant shift in the distribution networks, source of innovation, business application, stakeholder 

relations and subsequently in the creation of value  (Soto-Acosta, 2020). On the other hand, Kindermann et al. 

(2021) stated in their empirical study the positive relationship between digital transformation and a company’s 

performance. However, he argues that organizations may have to bear the cost of expanding their business model 

based on digital orientation which may eventually not compensate for benefits. However, studies still exist to prove 

that digital orientation leads to innovation satisfaction, return and overall performance (Khin & Ho, 2019) which is 

recommended to be explored for this study. In addition to that additional data such as insights into technology 

adoption, organizational culture and leadership style is also collected as it will lead to a better understanding of the 

factors that contribute to digital transformation. Expansion of the study to other variables might as well influence 

the relationship between the independent variables and independent variables for the study which could provide a 

comprehensive understanding of the impact of digital transformation on those variables. The study's overall 

findings highlight the important impact of digital transformation on performance management, learning and 

development, and recruitment.  However, the relationship between performance management and digital 

transformation in this study was not significant.   

  

6.1. Contribution of Academia  

From an academic perspective, the study could add research evidence that will be beneficial to fill a knowledge 

gap on how digital transformation could be integrated into HRM practices. Based on previous studies, digitalization 

has been explored from the perspective of customer preferences, buying behaviors, marketing and business. 

However, there are very few studies done on how digitalization affects internal processes and behavior in terms of 

HRM practices (Branca et al., 2020; Burchardt & Maisch, 2019). Comprehensive statistical analysis could be 

conducted to study the relationship between digital transformation and various HRM functions as mentioned in the 

study.  
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6.2. Contribution to Industry  

The study offers practical implications for organizations particularly those operating in the IT industry in 

Morocco. It highlights the importance of aligning HR strategies with digital transformation goals and provides 

guidance on how organizations can leverage digital technologies to enhance recruitment, learning and development, 

and performance management practices. In addition, the insights provided by the study could lead to HR 

practitioners tailoring their strategies accordingly. 

 

6.3. Limitation   

The study found certain limitations. The first limitation is the time constraint to conduct the study in the 

process of collecting and analyzing large amounts of data and the need to engage with multiple stakeholders. This 

is followed by the resistance to change by some of the organizations which impacts the adoption and 

implementation of digital technologies. This resistance in addition limits the availability of the data due to the lack 

of participants and resistance to shared information from stakeholders and employees. Similarly, the results of 

research on digital transformation may not be descriptive of all-inclusive population and may not be generalizable 

to other regions. Furthermore, the fast pace of the high-tech revolution could make it demanding to keep up with 

the latest developments and the results of research may become outdated quickly. Furthermore, the aforementioned 

can make it challenging to preserve definitions and measures updated and the results of research may become 

outdated quickly. Finally, the study may overlook other variables that are relevant to digitalization and HRM 

practices. Addressing these limitations could enhance the robustness and validity of findings providing a more 

comprehensive understanding of the dynamic relationship between HRM practices and digital transformation. 
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